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Advancements in deep learning for accurate classification of
grape leaves and diagnosis of grape diseases|3]
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2. PlantVillageT — &t v FIZHIFACNNETILOFER(—ERH) [3]

m Accuracy Precision Recall F1l-score

VGG-19 1.000 1.000 1.000 1.000
Resnet-50 0.995 0.996 0.996 0.996
Resnet-101 0.995 0.996 0.996 0.996
Efficentnetv2-M  0.996 0.995 0.997 0.996
Efficentnetv2-L 1.000 1.000 1.000 1.000
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« Augmented Grape Leaf Disease dataset(AGLD) % &
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ResNet|4]
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=4. Augmented Grape Leaf Disease datasetlCH T 2FERDEE T & OEBRER(T Ry 7#=20)

P precision recall Fl-score

FIER 0.96 0.96 0.96

098 0.95 0.7

18317 0.98 1.00 0.99

(BRI 1.00 1.00 1.00
5. Augmented Grape Leaf Disease datasetiCH 1T 2FEXOEFE T & DEERER(T R Y 7£=50)

| pedEem [ el ] FleseE
0.98 0.98 0.98
0.99 0.97 0.98
0.99 1.00 0.99

BRI 1.00 1.00 1.00
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6. PlantVillage7T — &t v MCH T 2 EEEME tﬁiﬁ%%&(lj— o 5 =20) D
SR & O Augmented Grape Leaf Disease dataset|Z$ 11 2 EEiER

_ Accuracy Precision Recall F1-score

EHEM 5T (PlantVillage)  0.995 0.996 0.996 0.996
BIREE(PlantVillage)  0.988 0.990 0.990 0.990
AGLD(T Ry 7%#=20) 0.976 0.976 0.977 0.977
AGLD(T R v 7#=50) 0.986 0.987 0.987 0.987

« =7 L (PlantVillage) TO#HERICEER, B=H Y (AGLD)
FIEWER & 4o 7:

« Augmented Grape Leaf Disease datasetid, BE=IZFEED T
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RS AV LT=T—&ty MIBITA2EBER(TRY 7% =10)

| precision |  recal |  Fl-score
1.00 0.80 0.89

0.98 0.80 0.89

0.67 1.00 0.80

0.99 0.91 0.95

0876

0876
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RO VERLT=T—&ty MIBIT2EBERE(TRY 7% =20)

| Precision |  recal |  Fl-score
1.00 0.84 0.91

1.00 0.80 0.89

0.78 1.00 0.87

0.92 1.00 0.96

0908

0908

0.908

e TRy JHMMAHEENT ZLICHI>THBEIZLEA>T=H, TRy Y
=10 BEEIC. BIEDprecision. E2EFEE T X AFED
recall WMEWHER &> T3
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