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# NItk(python)
# Stanford parser(web application)
# Spacy(python)
#Google nlp api
#Yahoo nlp api
# Syntaxnet(C++)
# Corenlp(java)




HEBELEDN 21t/
Tokenizer)

Y

D

c—0F 145

Feature comparison

Here's a quick comparison of the functionalities offered by spaCy, SyntaxNet, NLTK and CoreNLP
SPACY SYNTAXNET NLTK CORENLP
Programming language Python Ces Python Java
Neural network models & L] @ B
Integrated word vectors 2] & =] [S])
Multi-language support @ & ® &
Tokenization & ] @® 3
Part-of-speech tagging ® @ 2 &
Sentence segmentation @ 0 ] @
Dependency parsing ® =) ® &
Entity recognition o I ) @
Coreference resolution ® @ @ &




Stanford Parser

ANTIF

Stanford Parser

FPleaseenter a sentence to be parsed:

Colorle=ss green ideas =sleep furiously.

= D6

anguage: English = Sample Sentence

Your sentence

Colorless green ideas sleep furiously.

Tagging

faRIUT

Colorless/JdJ green/JdJ ideas/NNS 3leep/VBP furiously/EB ./.

Parse

{ROOT
{5
{(HE (JJ Colorless) (JJ green) (HNS ideas3))
(WE (VBE 3leep)
{ADVE (BB furicusly)))
. 1]

Tokens: a list of words and punctuation
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NLTKD k—221E

>>> import nltk

>>> sentence = """At eight o'clock on Thursday morning
. Arthur didn't feel very good."""

>>> tokens = nltk.word_tokenize(sentence)

>>> tokens

['At', 'eight', "o'clock", 'on', 'Thursday', 'morning',

"Arthur', 'did', "n't", 'feel', 'very', 'good', '.']

>>> tagged = nltk.pos_tag(tokens)

>>> tagged[0:6]

[('At', "IN"), ('eight', 'CD'), ("o'clock", '"J1"), ('on', "IN'),
('Thursday', 'NNP'), ('morning', 'NN')]
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#®re.split(r’ ", raw)
#®re.split(r' [ ¥t¥n]+', raw)
—re.split(r'¥s+’, raw)
#®re.split(r' ¥YW+", raw)

(not IGEMNHTLES
#®re.findall(r'¥w+|¥S¥w*’ | raw)

@re.findall(r"¥w+2:[-¥w+) * | Y| [~, (J+
| ¥S¥w*”  raw)
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>>> text = 'That U.S.A. poster-print costs $12.40...°

>>> pattern = r' ' ' (?x) # set flag to allow verbose regexps

. ([A-Z]\.)+ # abbreviations, e.g. U.S.A.

. \w+ (-\w+) * # words with optional internal hyphens

. \$?2\d+(\.\d+)?%? # currency and percentages, e.g. $12.40, 82%
. L # ellipsis

. [1[-,3""2():-_"]1 # these are separate tokens

>>> nltk.regexp tokenize(text, pattern)
[ 'That', 'U.S.A.', 'poster-print', 'costs’', '$12.40', '...']

u.s.a.M/NXE BT, FILLISA DR E ILE I
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