#matplotlibICBARE 7+ > FEHR
Ipip install japanize-matplotlib
import japanize_matplotlib
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satisfied:

japanize-matplotlib in /usr/local/lib/python3. 7/dist-packages (1.1.3)
matplotlib in /usr/local/lib/python3. 7/dist-packages (from japanize-matplotlib) (3.2.2)
pyparsing!=2.0.4,1=2.1.2,1=2.1.6,>=2.0.1 in /usr/local/lib/python3. 7/dist-packages (from matplotlib->japa

cycler>=0.10 in /usr/local/lib/python3.7/dist-packages (from matplotl|ib->japanize-matplotlib) (0.10.0)
python-dateutil>=2.1 in /usr/local/lib/python3.7/dist-packages (from matplotlib->japanize-matplotlib) (2.

numpy>=1.11 in /usr/local/lib/python3. 7/dist-packages (from matplotlib->japanize-matplotlib) (1.19.5)
kiwisolver>=1.0.1 in /usr/local/lib/python3. 7/dist-packages (from matplotlib->japanize-matplotlib) (1.3

six in /usr/local/lib/python3. 7/dist-packages (from cycler>=0.10->matplotlib->japanize-matplotlib) (1.15.
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FEMNTRRERD . COXSRBAMDAETSZHEBEDRN (EAER) EIFUET,
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import random x = np.linspace(-1,1,9)

y1 = [i + (random.random()-0.5) for i in x] y2 = [-1{ + (random.random()-0.5) for i in x] y3 = [(random.random()-0.5) for i in x] fig, ax = plt.subplots(1, 3,
figsize = (15,5)) ax[0].scatter(x,y1) ax[0].plot(x,x) ax[O].set_title("IECDAARE") ax[1].scatter(x,y2) ax[1].plot(x,- 1x) ax[1].set_title("EIMDIEET") ax[2].scatter(x,y3)
ax[2].set_title("t#8EANN R0\ print("MHEIRER(E", np.corrcoef(x, y)[0, 1].round(4)) -->
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2016FEDRRICHITDHEETAEDAF (KHRT) http://www.datajma.go.jp/obd/stats/etrn/view/monthly_s3.php?
prec_no=448block_no=47662&view=a2

20165 D 1 HEHZD T A AT —LAXHEERE (—MRHAEEABARIARXTU—LGHSR) https://www.icecream.or.jp/biz/data/expenditures.html
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http://www.data.jma.go.jp/obd/stats/etrn/view/monthly_s3.php?prec_no=44&block_no=47662&view=a2
https://www.icecream.or.jp/biz/data/expenditures.html

# R AR —LDXHESEDHBE R
# —*- coding: utf-8 —x-
import numpy as np
import matplotlib.pyplot as plt
# 20168 —HFHLYTARI)—LZHEEE (—REBZEABERTA R ) —LHBE
#  https://www. icecream. or. jp/data/expenditures. html
icecream = [[1, 4641, [2, 3971, [3, 493], [4, 6171, [5, 8901, [6, 883]
[7, 1292], [8, 13871, [9, 8431, [10, 621], [11, 459], [12, 561]]
# 20168 AAFHRE (RET)
# http://www.data. jma. go. jp/obd/stats/etrn/view/monthly_s3. php?

# prec_no=448&block_no=47662&view=a2

temperature = [[1, 10.6], [2, 12.2], [3, 14.9], [4, 20.3], [5, 25.2], [6, 26.3]
[7, 29.7], [8, 31.6], [9, 27.7], [10, 22.6], [11, 15.5], [12, 13.8]]

X = np.array ([u[1] for u in temperature])

y = np. array ([u[1] for u in icecream])

print (" correlation coefficient’
t U5 7%H#<

np. corrcoef (x, y) [0,

1]. round (4))

title(C2016FEDRRE —HFELHLYT AR ) —LZH)

plt. scatter (x, v)

plt.

plt. xlabel ( AEFEHIE (°C) )
plt.ylabel ( BB 74 Ao ) —LZH (H) ')
plt. show()

correlation coefficient 0.9105
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& CTpicdDF5k> TH

x = np.linspace(-1,1,9) y = [-1*i if i<0 else i for i in np.linspace(-1,1,9)] fig = plt.figure() plt.scatter(x,y) print("fHB3{%ER (" ,np.corrcoef(x, y)[0, 1].round(4))
fig.savefig("img.png")
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e SciPy stats E=1—J)L®D linregress()
e scikit-learn® linear_model £=1—JL® LinearRegression()
* StatsModels/\w & —=® api.oLs €EZ1—J)L

SciPy®linregress
HEFREDpEETHLTINE I HEllF GRIRZEN 1 DIZ) T EREIHFIERAEFEA.

# VURAR32 ARG —LTHEK[ENOCEIFGHERXZRD S (SciPydD linregressZxEH)
# —x- coding: utf-8 —x-

# 7AR)—LZXHOEIFESH stats. linregresszHALV3

import numpy as np

import matplotlib. pyplot as plt

import scipy.stats

#2016 —HEHLYTARIY)—LZHEE (—RBAAEZEABERTA RV ) —LBHE

# https://www. icecream. or. jp/data/expenditures. html

icecream = [[1, 4641, [2, 3971, [3, 4931, [4, 6171, [5, 890], [6, 883], ¥



[7, 1292], [8, 13871, [9, 8431, [10, 621], [11, 459], [12, 561]]

# 20168 AHAFHRE (RET)

# http://www. data. jma. go. jp/obd/stats/etrn/view/monthly_s3. php?

# prec_no=448block_no=47662&view=a2

temperature = [[1, 10.6], [2, 12.2], [3, 14.9], [4, 20.3], [5, 25.2], [6, 26.3], ¥
[7, 29.7], [8, 31.6], [9, 27.7], [10, 22.6], [11, 15.5], [12, 13.8]]

x = np.array ([u[1] for u in temperature])

y = np. array([u[1] for u in icecream])

result = scipy. stats. linregress(x, vy)

print("t8==", result. slope. round(4), "th K=", result. intercept. round(4), ¥
"{EEE{% %=, result.rvalue. round(4), 'pfE=", result.pvalue. round(4), ¥
TFE#EIRES" ) result. stderr. round(4))

t U5 7%#<

b = result. slope

a = result. intercept

plt.plot(x, [b * u+ a for u in x]) # predict(X) [ZXIZHIELF-EIREH LEOYDEZEZRT

plt. scatter (x, vy)

plt. title( 2016FEDRBLE—HFEZHLZYTA R —LZH)

plt. xlabel ( ABEFEHTE (°C) )

plt.ylabel ( BB 74 Ao ) —LZH (H) ')

plt. show()

tEE= 40.7016 &1 F= -107.0571 {S3Ef%%= 0.9105 pfE= 0.0 #R#ERZE= 5. 8471
016FORBE —WELSLYTFA ATV —LEH
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scikit-learn@linear_model
E)FE#RyDiEZ model.predict(x) & U TmodellCEEBDIFTSHELTWLWET,

# VAR ARV —LZHERENGEIFEAEXZRD D

# (scikit-learn®|inear_model Z{EH)

# —*- coding: utf-8 —*-

# 7TARY)—LEZHOEIFESH sklearnd linear_model ZH V%

import numpy as np

import pandas as pd

import matplotlib.pyplot as plt

from sklearn import linear_model # scikit—learn® |inear_modelZ{E > TEIIFH T

# 20168 —HEFHLYTARI)—LZHEEE (—REBEZEABERTARY ) —LHE

#  https://www. icecream. or. jp/data/expenditures. html

icecream = [[1, 4641, [2, 3971, [3, 4931, [4, 6171, [5, 890], [6, 883], ¥
[7, 1292], [8, 13871, [9, 8431, [10, 621], [11, 459], [12, 561]]

# 20168 AAFHTE (KRERT)

# http://www. data. jma. go. jp/obd/stats/etrn/view/monthly_s3. php?

# prec_no=448block_no=476628&view=a2

temperature = [[1, 10.6], [2, 12.2], [3, 14.9], [4, 20.31, [5, 25.2], [6, 26.3], ¥
[7, 29.71, [8, 31.6], [9, 27.7]1, [10, 22.6], [11, 15.5], [12, 13.8]1]

X = pd. DataFrame ([u[1] for u in temperature])

Y = pd. DataFrame ([u[1] for u in icecream])

model = linear_model. LinearRegression()

results = model. fit(X, Y)

print("a’, model.coef_[0][0], "b", model. intercept_[0])

t U5 7%#<

plt. plot (X. values, model. predict (X)) # predict(X) [EXIZxt/x L7-ElFEHE LEDOYDEEZIRT
plt. scatter (X, Y)

plt. title( 2016FEDRBELE—HEZHZYTA R —LZH)

plt. xlabel ( ABEHRE (°C) )

plt.ylabel ( A7 A R0 ) —LFZH (H) ")

plt. show ()

a 40.70161776241745 b -107.05709064244411
2016FDRRE —HEIALWTF A A7 ) —ALZH
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StatsModels@®OLS

OLSODEF#H : http://www.statsmodels.org/dev/generated/statsmodels.regression.linear_model.OLS.html

ElFDHTEARDEREA : http://www.statsmodels.org/dev/generated/statsmodels.regression.linear_model.RegressionResults.html

OLSEBE DL :

sm.OLS D> XF >R model Z{ED EEI(C.

HFULL IV TILESE

#UAR-4 FARV)—LAXHERENOEIFARKXERD S (StatsModelsDOLSZ &)

# —*- coding: utf-8 —%-

# 7TAR)—LEZHOEIFESH StatsModelsDOLSZEH LS

import numpy as np
import pandas as pd

import statsmodels.api as sm # [EJF547(&StatsModels/ Ny —CZFFET S

icecream = [[1, 4641, [2, 3971, [3, 4931, [4, 6171, [5, 890], [6, 8831, ¥
[7, 1292], [8, 1387], [9, 8431, [10, 621], [11, 459], [12, 561]]
temperature = [[1, 10.6], [2, 12.2], [3, 14.9], [4, 20.3]1, [5, 25.2], [6, 26.3]
[7, 29.7], [8, 31.6], [9, 27.7], [10, 22.6], [11, 15.5], [12, 13.8]]

x = np.array ([u[1] for u in temperature])

y = np. array ([u[1] for u in icecream])

FURHEDRLO. XICEHINZIFNMATHLETILEESD

model = sm. OLS (y, sm. add_constant (x))

results = model. fit()

print(results. summary())

OLS Regression Results
Dep. Variable: y  R-squared: 0.829
Mode | : OLS  Adj. R-squared: 0.812
Method: Least Squares F-statistic: 48. 46
Date: Mon, 10 May 2021 Prob (F-statistic): 3.89e-05
Time: 21:27:47 Log-Likelihood: -75. 369
No. Observations: 12 AIG: 154.7
Df Residuals: 10  BIG: 155.7
Df Model : 1
Covariance Type: nonrobust
coef std err t P>t [0. 025 0.975]

const -107. 0571 128.673 -0.832 0.425 -393. 759 179. 645
x1 40.7016 5.847 6.961 0.000 27.674 53.730
Omnibus: 1.129  Durbin-Watson: 1.509
Prob (Omnibus) : 0.569 Jarque-Bera (JB): 0.744
Skew: 0.204 Prob(JB): 0.689
Kurtosis: 1.850  Cond. No. 69.4
Warnings:

[1] Standard Errors assume that the covariance matrix of the errors is correctly specified.
/usr/local/lib/python3. 7/dist-packages/scipy/stats/stats. py:1535: UserWarning: kurtosistest only valid for n>=20 ..

n=12
“anyway, n=%i" % int(n))

summaryD R 75 (FELIFDFTHALET

print (' p-values¥n’,
b, a = results. params
print( a’

p-values
[4.24828131e-01 3.8947818
a 40.7016 b -107.0571

(HREICE D)

pvalues(&.

3.1.3 Ell)mEoHh

BEOEDE. RBEHNZRTDBEDLEIESFTT .

IRA B2 F—5ty hE(d

a.round(4), 'b’,

7e-05]

pfiE.

results. pvalues)

b. round (4))

http://www.statsmodels.org/dev/generated/statsmodels.regression.linear_model. OLSResults.html

sm.add_constant(x) ([C&DTxZ 1 EO U TEHR 1 EZANTWLED,
http://www.statsmodels.org/dev/generated/statsmodels.tools.tools.add_constant.html

¥

add_constant() (CDWT

continuing anyway,

AL E U TCERHROEVWGRENEOTHD)EETT . /NSITNINSWEFEBRICRDFT,

FMPZELHNRT MLUICIED TVD ETBMEDSEIF T, BEELESTERAURETT,

MR R>D5061IX (DT, FRR1BBEME S FBEHLMZERICULEDTI ., TZTE. 130BMHEHN SEBMIBHIRED EVNDE
FIVEIRELT. 1 RRETILOZRBEHELET .

columns

CRIM B DAL 1 ASHEDDIETER

ZN FBHIDLEE, 250005 T+ — MALEDY —> THX 2B

INDUS BT & DIFNSEHEDEEL
CHAS Fv —)LANANELA DA > TLBD M
NOX NO_xBE
RM EEHEDEES
AGE 1940FURTICE TSNz, PREENFOEYDOEIS
DIS R B>D 5 DOERAFLN S DIEHE

RAD IREPIREHRER D S DIEEE

A


http://www.statsmodels.org/dev/generated/statsmodels.regression.linear_model.OLS.html
http://www.statsmodels.org/dev/generated/statsmodels.regression.linear_model.RegressionResults.html
http://www.statsmodels.org/dev/generated/statsmodels.regression.linear_model.OLSResults.html
http://www.statsmodels.org/dev/generated/statsmodels.tools.tools.add_constant.html

columns Bzl

TAX BIEEERE
PTRATIO BT & DEENETZ D DAREE
B BKIZHTC & DR ADLEER
LSTAT ERSBAODILEEY%
MEDV FMEENMEOEEDMBEDOFIUE (target)

# )R KR3-5 scikit-learn® linear_model #{F > = ERIFHHDH (KRR ko DEEMIE)
# -x- coding: utf-8 —x-

# scikit-learn linear_model #{E >z KX b U FEMIEDIER E/F

import numpy as np

import pandas as pd

import matplotlib.pyplot as plt

from sklearn import linear_model, datasets

dset = datasets. load_boston()

print (dset. DESCR) #7—# 2§ L TLyAdescription[ZEMhNTLVS

. _boston_dataset:

Boston house prices dataset

**¥Data Set Characteristics:*x
‘Number of Instances: 506
‘Number of Attributes: 13 numeric/categorical predictive. Median Value (attribute 14) is usually the target

‘Attribute Information (in order):

PTRATIO pupil-teacher ratio by town

B 1000 (Bk - 0.63) "2 where Bk is the proportion of blacks by town
LSTAT % lower status of the population

MEDV Median value of owner—occupied homes in $1000" s

- GRIM per capita crime rate by town

- IN proportion of residential land zoned for lots over 25,000 sq.ft

- INDUS proportion of non-retail business acres per town

- CHAS Charles River dummy variable (= 1 if tract bounds river; 0 otherwise)
- NOX nitric oxides concentration (parts per 10 million)

- RM average number of rooms per dwelling

- AGE proportion of owner—occupied units built prior to 1940

- DIS weighted distances to five Boston employment centres

- RAD index of accessibility to radial highways

- TAX full-value property-tax rate per $10, 000

‘Missing Attribute Values: None
:Creator: Harrison, D. and Rubinfeld, D.L.

This is a copy of UCI ML housing dataset.
https://archive. ics.uci.edu/ml/machine-learning—databases/housing/

This dataset was taken from the StatLib library which is maintained at Carnegie Mellon University

The Boston house-price data of Harrison, D. and Rubinfeld, D.L. 'Hedonic
prices and the demand for clean air’, J. Environ. Economics & Management
vol.b5, 81-102, 1978. Used in Belsley, Kuh & Welsch, 'Regression diagnhostics
.., Wiley, 1980. N.B. Various transformations are used in the table on
pages 244-261 of the latter.

The Boston house-price data has been used in many machine learning papers that address regression
problems.

. topic:: References

- Belsley, Kuh & Welsch, 'Regression diagnostics: Identifying Influential Data and Sources of Gollinearity’ , Wiley, 1980. 244-261
- Quinlan,R. (1993). Combining Instance-Based and Model-Based Learning. In Proceedings on the Tenth International Conference of Machi
ne Learning, 236-243, University of Massachusetts, Amherst. Morgan Kaufmann.

boston = pd. DataFrame (dset. data) #ERBAE #1
boston. columns = dset. feature_names
target = pd. DataFrame (dset. target) #HEHMZE %

model = linear_model. LinearRegression()
model. fit(boston, target)
# RERZRE
print (pd. DataFrame ({"Name” :boston. columns, ¥
“Coefficients” :model. coef_[0]}). sort_values (by="Coefficients’). round(4) )
#UR (RE)
print (" intercept’, model. intercept_[0]. round(4))

Name Coefficients

4 NOX -17.7666
7 DIS -1. 4756
10 PTRATIO -0. 9527
12 LSTAT -0. 5248
0 CRIM -0.1080
9 TAX -0.0123
6 AGE 0. 0007
11 B 0. 0093
2 INDUS 0. 0206
1 N 0. 0464
8 RAD 0. 3060
3 CHAS 2.6867
5 RM 3.8099

intercept 36.4595
SREAZFHRM (MEBHIEDOIEPESR) HEEEAERMSZEHULITFRIERICIRD>THE D, CHAS (Fv—)LX)IICEUib) N ENnS2EB &R
TWEY, 22 UCHASEEUZINODAERD T, FENMETY ., 5. NOX (NO,DBFR) HEEBVNYAFTIAEBR(CRD>THOH. MDD TH D



TDIS (R M>@D 5 DOREAFOLHSOIEEE) . PTRATIO (ER(CX I DEMLEDLEER) | LSTAT (KEEBAODLEEK) > TWBTEMHMDE
g-o

&5(C. StatsModels/\w4r—=MOLS (Ordinary Least Squares) B 1 —)LZ#E> TCELOBOWNZEITDE. SESFREBINBERZEFSDICENTEFE
ER

#tsample3-1-3. py

import statsmodels

import statsmodels.api as sm

#t statmodels. OLS

# examples: http://www. statsmodels. org/dev/examples/notebooks/generated/ols. html
# manual -—— http://www. statsmodels.org/dev/regression. html#fmodule-reference

# OLSREsults@®manual —-—— http://www. statsmodels. org/dev/generated/statsmodels. ¥
# regression. | inear_model. OLSResults. html¥

# #statsmodels. regression. | inear_model. OLSResults

model3 = sm. OLS (target, sm. add_constant (boston))
result3 = model3. fit()
print(result3. summary())

OLS Regression Results

Dep. Variable: 0 R-squared: 0. 741
Model : OLS Adj. R-squared: 0.734
Method: Least Squares F-statistic: 108. 1
Date: Mon, 10 May 2021 Prob (F-statistic): 6.72e-135
Time: 21:27:48 Log-Likelihood: -1498. 8
No. Observations: 506 AIC: 3026
Df Residuals: 492 BIC: 3085
Df Model : 13
Covariance Type: nonrobust

coef std err t P>|t] [0.025 0.975]
const 36. 4595 5.103 7.144 0.000 26. 432 46. 487
CRIM -0.1080 0.033 -3.287 0.001 -0.173 -0.043
N 0.0464 0.014 3.382 0.001 0.019 0.073
INDUS 0.0206 0.061 0.334 0.738 -0.100 0.141
CHAS 2.6867 0.862 3.118 0.002 0.994 4.380
NOX -17.7666 3.820 -4.651 0.000 -25.272 -10. 262
RM 3.8099 0.418 9.116 0.000 2.989 4.631
AGE 0. 0007 0.013 0.052 0.958 -0.025 0.027
DIS -1.4756 0.199 -7.398 0.000 -1.867 -1.084
RAD 0. 3060 0.066 4.613 0.000 0.176 0.436
TAX -0.0123 0.004 -3.280 0.001 -0.020 -0.005
PTRATIO -0. 9527 0.131 -7.283 0.000 -1.210 -0.696
B 0.0093 0.003 3.467 0.001 0.004 0.015
LSTAT -0.5248 0.051 -10. 347 0.000 -0.624 -0.425
Omnibus: 178. 041 Durbin-Watson: 1.078
Prob (Omnibus) : 0.000 Jarque-Bera (JB): 783.126
Skew: 1.521 Prob (JB) : 8.84e-171
Kurtosis: 8.281 Cond. No. 1.51e+04
Warnings:

[1] Standard Errors assume that the covariance matrix of the errors is correctly specified.
[2] The condition number is large, 1.51e+04. This might indicate that there are
strong multicollinearity or other numerical problems.
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LTLIEEL,

R-squaredSREFEDREDETH D, 0.741%BTNBDT. COEBETILEFZNARADICRT —FEHBETETCVIENIFET,

KR(CIZDTVBED TR, coef NEIFHDENTNDHRPELCH T DHET. TDREN TeonstlFHNF T . FI. std_errPMRHERZE. tIHE. P>|t|
(FpfE. [0.025 0.975](HERHEXEZRFRTLTNET,

print(result3. pvalues)

const 3.283438e-12
CRIM 1.086810e-03
ZN 7.781097e-04
INDUS 7.382881e-01
CHAS 1.925030e-03
NOX 4.245644e-06
RM 1.979441e-18
AGE 9.582293e-01
DIS 6.013491e-13
RAD 5.070529e-06
TAX 1.111637e-03
PTRATIO 1.308835e-12
B 5.728592e-04
LSTAT 7.776912e-23

dtype: float64

plENMRIGHICAZUL\D(E, INDUS (FEZERAEROEBADLEER) H'0.735. AGE (1940FLURTICETSNIZEIE) 70.955T. NS>V INEHAENMERET
ERNCECRDET, —A. LT EIFEIEXOFREDMENERI D TULDEREAZEIRM,. CHAS, NOX/XE (., WINEEBEENSGDIEEXS
NBpfBICIRDTLET,

&R DsummaryDH (CAIC (Akaike's Information Criterion : 7thIEIREE%E) &LBIC (Bayesian Information Criterion : R X1EREEAEE) MHTUVE
T, INBEVWINEEFTILOERICEDONDEEC. [MNEWFELKHEESLTWVD] ELWDONTWVWETY, EICLD E. EFILICZHDEZESD
BEHTILATREELL T4 Y hIBELICRDFITN MATLWDODIEES (A—/\—TavFa>0) MEIDDT. T—HDEELEEED/
SREEDZENKRDENET, DFD. T—HDESEES(ICIEDLZEDNRFILT 1 ZIKRUIZBEEEZ SNET,

EOIESCHFHINRREE U T, BRDFATHOMICIHEE (KF) BESAECTUERSZSERRENDDF I, LEHIRUN DD LEIFFREHK
HENRV, BU L [FEFMEEDDENAE <722 TIEUKRHSINRL GRENKE) LW EMBIDFET. COLDIEHIPAERZRET
BIC(E. BEARN(CHIAZERDI N TORT (CH U THEFRERZTEL. —EULOEENSD (EEZSHT) HAICESEHREZEITDIEHICE
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DA EN T CENEZEZBENE T, T/, DBULAIEEL (VIFVariance Inflation Factor) Z3tE U TZDEICL > THRHNDODBS YT DI ZEET
XFT, ERETHRaEbDBIDVIFIE. abfIDIEREEES ZEra, D E

1

2
1—rab

VIFy, =

TERSNDDT., WRET DHPBENMBOZE LARFEENRV (BTUTND) EESRVIFMERD, B3 TRVWES(CRTIDARELEDE
3_0

—AZICVIFDMENN10ZBR D & MFREAFENRU VD (CEYICERIFAITN TSRV EVWDNTLET ., StatsModels T,
statsmodels.stats.outliers_influence.variance_inflation_factor ZfED CVIFZETE I ENTEET . LERDRA MAFEMSDHIT
model3 (CT+w hUTEE. RDIIEZEITO THELUI,

R 1 A > bEhttp://www.statsmodels.org/devel/generated/statsmodels.stats.outliers_influence.variance_inflation_factor.html

from statsmodels. stats.outliers_influence import *

num_cols = model3. exog. shape[1] # ZRBAZ D 5%k
vifs = [variance_inflation_factor (model3. exog, i)

for i in range(0, num_cols)]
pdv = pd. DataFrame (vifs, index=model3. exog_names, columns=["VIF"])
print (pdv)
VIF
const 585. 265238
CRIM 1.792192
ZN 2.298758
INDUS 3.991596
CHAS 1.073995
NOX 4.393720
RM 1.933744
AGE 3.100826
DIS 3.955945
RAD 7. 484496
TAX 9.008554
PTRATIO 1.799084
B 1. 348521
LSTAT 2.941491

const(C3 I DVIFIEERAZER (CRARIAVDTRLWTE RS E U T, TDAMMDERAZE DN T(E. TAX=9.01H10(SaEL M. RAD=748E5Z X TL\E
T, EE55B10ZBITVRVDTIN, BFELEVNDSZLCIRBTLELD,

LU, FVWESSERIBFEHENNES L BEDMECHELUTLRNERDONDDT, COBARRICTDIEFRNERDNET.
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